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** Data Fochitaony  Meoded Single-Turn Multi-Turn
e L FI RL B4 D4 | FI RL B4 D4
» Data Collection 6-18 156 133 148 494 | 161 137 154 462
. : : : 18-6 155 134 152 500 | 162 139 143 456
all data 1s publicly available Model 12-12 162 138 163 534 | 166 143 174 502
+role 133 113 129 456 | 144 120 131 423
Weibo Comment | Weibo Repost Zhihu N scratch * 17.0 149 223 67.7 | 178 154 289 664
_ _ _ _ Pre-training  fyrther 161 139 177 682 | 166 143 184 597
Baidu Zhidao Subtitle Story Dialog
greedy 164 141 209 63.1 | 165 142 276 642
Baidu Tieba Douban Public Dataset sampling 122 104 120 91.6 | 125 107 199 915
Decoding  beam search 16,5 147 2.80 433 | 169 150 3.50 46.0
+sampling 163 145 221 754 | 164 146 259 73.2
> Data Qua“ty Control +len_penalty 174 154 323 662 | 17.8 157 3.79 649
+no-repeat +  17.0 149 223 677 | 17.8 154 290 66.9
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context-level filtering relevance score (BERT) Model Single-Turn Multi-Turn
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sensitive word filtering fluency score (LM)
CDial 99 86 067 612|119 103 0.88 639
EVAL.0 13.1 113 127 507 | 153 132 194 563
- EVA2.0pse 162 138 1.63 534 | 166 143 170 50.2
» Data AnaIYS'S _ _ o EVA2.0Luee 164 140 1.67 558 | 170 149 203 539
« 60GB high-quality dialogue pre-training dataset EVA2.0uage  17.0 149 223 677 | 178 154 290 66.9
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Dataset #Sess. #Uttr. #Token Storage Self-chat Evaluation E— Observational Evalﬂiﬂgg

EVAL.0 EVA1.0

1.75 4 mm EVAZ.0 0.7 mm EVAZ2.0

WDC-Dialogue (Zhou et al., 2021) 1.4B 3.0B 78.3B 181GB

EVAZ2.0-dataset 0.4B 1.1B 22.4B 60GB .
* Quality statistics
Dataset Relevance 1 Fluency f Entertainment | 0:50_ -
WDC-Dialogue (Zhou et al., 2021) 55.2 -7.147 7.0% 025 ] 01
EVA2.0-dataset 93.8 -3,237 6.2% , , , , oo
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